DATA SOURCES AND ATTRIBUTION

Primary Employment & Wage Data

Bureau of Labor Statistics (BLS)

- Source : U.S. Bureau of Labor Statistics - Occupational Employment and Wage Statistics
(OEWS)
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Automation Risk & Al Impact Research

1. Frey & Osborne (2013)
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https:// ox{s)rd@artln ox.ac.uk/downloads/academic/The_Future_of Employment.pdf
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2. Goldman Sachs Research (2023-2025)
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https://lwww.goldmansachs.com/intelligence/pages/generative-ai-could-raise-global-gdp-by-7-percent
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3. McKinsey Global Institute (2024)

- dey : "Generative Al and the future of work in America”

https:// (E_|f|l"lSé—2‘y com/mgi/our-research/generative-ai-and-the-future-of-work-in-america
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4. World Economic Forum (WEF)
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> 85 hillid n jobs may be displaced while 69 million new jobs created by 2030 (net loss ~14
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clerks _ Most growing roles: AlI/ML specialists, data analysts, sustainability specialists, cybersecurity

professio N%IPe : Updated from 2023 edition (which surveyed 803 companies across 45 economies
with projections to 2027)

5. MIT Work of the Future Task Force (2024)
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6. OECD Employment Outlook (2023-2024)
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7. Brookings Institution Research
- Study : "Automation and Artificial Intelligence: How machines are affecting people and

places" ( %Lgo%%ﬂ\'ﬂﬁq?ﬁ% obert Maxim, and Jacob Whiton
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8. Burning Glass Technologies / Lightcast
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9. OpenAl -- LLM Exposure Analysis (2023) NEW
- Study : "GPTs are GPTs: An Early Look at the Labor Market Impact Potential of Large
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10. IMF -- Al and the Future of Work (2024) NEW

- Study : "Gen-Al: Atrtificial Intelligence and the Future of Work" (IMF Staff Discussion Note
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11. Daron Acemoglu / MIT NBER (2024) NEW
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extreme risk scores

12. Stanford HAI Al Index Report (2025) NEW
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13. Harvard Business School / BCG Field Experiment (2023) NEW
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https: //\NV@ hb ed /ris/Publication%20Files/24-013_d9b45b68-9e74-42d6-alc6-c72fb70c7571.pdf
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Eo%sultanpsqusmg GPT-4 completed 12.2% more tasks, 25.1% faster, with 40% higher

quality - Performance DECREASED on tasks outside Al's capability frontier when workers

over- reheglgm icance : Best empirical evidence of actual Al productivity effects; informs reskilling

recommendations

Task & Skill Classification

O*NET Database

- riment of Labor O*NET (Occupational | qr Network)
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World Economic Forum Skills Taxonomy
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Technology Adoption & Diffusion

International Federation of Robotics (IFR)

: BE{{ ord Ropotics Report 2024"
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- Key Finding : Robot density increasing 5% annually; 4 million industrial robots by 2025

Gartner Technology Hype Cycles
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Education & Training Cost Data

College Board -- Trends in College Pricing 2025

edl’rq\%jsgrrh oII Qﬁfrlcmg and Student Aid 2025"
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Education Data Initiative (educationdata.org)
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NCES/IPEDS -- Integrated Postsecondary Education Data System
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Course Report -- Coding Bootcamp Data (2026)
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Reskilling & Workforce Transition
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LinkedIn Economic Graph Research
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Association for Talent Development (ATD)
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Economic & Wage Projections

BLS Employment Projections (2023-2033)
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Methodology Notes

Automation Risk Score Calculation

The automation risk scores (0-100) in the WDF database represent a composite assessment derived
from:
- Frey-Osborne base probability (20% weight) -- reduced from 40%; foundational but

predate_s(gjgpgﬁagh/egglchs + OpenAl/Eloundou generative Al exposure (30% weight) -- increased,;

reflects :Lfy{aésiép'?eg%ﬁ%g}%gsé{ﬁagnngiyséwled %&??EQ % W&rgj 53591022 from 15%

Scores are normalized to a 0-100 scale where: - 0-30 : Low automation risk (highly resistant to
automation) - 31-60 : Moderate risk (partially automatable) - 61-100 : High risk (highly automatable in
near to medium term)

Key change (March 2026) : Weights rebalanced to reflect the generative Al era. The original 40%
Frey-Osborne weighting overemphasized traditional automation of physical and routine tasks. The
new weighting better captures LLM-driven disruption of cognitive, creative, and white-collar work --
consistent with findings from OpenAl/Eloundou (80% of workers affected), IMF (60% in advanced
economies), and Goldman Sachs (300M jobs globally).



Task Breakdown Methodology

Task percentages (routine, cognitive, creative, interpersonal) are derived from: 1. O*NET work
activities analysis (version 23.1) 2. WEF core competencies framework (2025 edition) 3. Expert
synthesis of task characteristics

Percentages sum to 100% for each occupation.

Technology Adoption Speed

Classification of adoption speed (slow/moderate/rapid) based on: 1. IFR robotics adoption data 2.
Gartner technology maturity assessments 3. Historical technology diffusion patterns in similar sectors
4. Current Al capability advancement rates

Displacement Projections

Displacement estimates combine: 1. Automation risk scores (using new composite weights) 2.
Technology adoption timelines 3. Current employment levels (BLS data) 4. Sector-specific economic
modeling
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Citation Guidelines
When using WDF data in reports, presentations, or publications, please cite:

For Employment/Wage Data: U.S. Bureau of Labor Statistics. (2024). Occupational Employment
and Wage Statistics. Retrieved from https://www.bls.gov/oes/

For Automation Risk Analysis: Workforce Disruption Forecaster database compiled from: Frey, C.
B., & Osborne, M. A. (2013); Goldman Sachs Research (2023-2025); Eloundou, T. et al. (2023);
McKinsey Global Institute (2024); World Economic Forum (2025); IMF (2024); Acemoglu, D. (2024).

For Comprehensive Citation: Data sourced from Workforce Disruption Forecaster (WDF),
integrating U.S. Bureau of Labor Statistics employment data with automation risk research from



Oxford University, McKinsey Global Institute, Goldman Sachs, OpenAl, IMF, Harvard Business
School, World Economic Forum, and other authoritative sources (2024-2026).

Contact & Updates

For questions about data sources, methodology, or to report data issues: - Review the complete
methodology documentation - Check for updated research publications from key sources - Monitor
BLS for annual OEWS data releases (typically May each year)

Last Updated : April 2026 Next Review : May 2026 (BLS data update cycle) / November 2026
(College Board Trends update)



